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Driver Program

StreamingContext
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Function name Purpose Scala example Signature of user-
supplied function on

DStream[T]

map() Apply a function to each ds.map(x => x + 1) f: (T) = U
element in the DStream and
return a DStream of the result.

flatMap()  Apply a function to each ds.flatMap(x => x.split(" ")) f: T » Itera
element in the DStream and ble[U]
return a DStream of the
contents of the iterators
returned.

filter() Return a DStream consisting of  ds.filter(x => x != 1) f: T » Boolean
only elements that pass the
condition passed to filter.

reparti Change the number of ds.repartition(10) N/A

tion() partitions of the DStream.

reduceBy Combine values with the same  ds.reduceByKey( f:r 17, T>T
Key() key in each batch. (X, y) => X + V)

° groupBy Group values with the same ~ ds. groupByKey () N/A
k Key() key in each batch. /
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® Stream of files

* Akka actor stream

* Apache Kafka

* Apache Flume

® Push-based receiver

¢ Pull-based receiver
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&—— Undirected edge
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Parallel edges
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Name: Alex
Age: 26
Title: Engineer

(:::::> Relationship: reports-to

Since: 01/01/2015

@ Property graph
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Name: Bill
Age: 42
Title: Manager
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¢ VertexRDD: Distributed set of vertex

* Edge: Single Edge

* EdgeRDD: Distributed Edge

* EdgeTriplet: Edge and vertices it connects
® Graph: property graph
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val users = List((aL, User("Alex", 26)), (2L, User("Bill", 42)), (3L, User("Carol", 18)),
(4L, User("Dave", 16)), (5L, User("Eve", 45)), (6L, User("Farell", 30)),
(7L, User("Garry", 32)), (8L, User("Harry", 36)), (9L, User("Ivan", 28)),

(10L, User("Jill", 48))
)

val usersRDD = sc.parallelize(users)

val follows = List(Edge(1L, 2L, 1), Edge(2L, 3L, 1), Edge(3L, 1L, 1), Edge(3L, 4L, 1),
Edge(3L, 5L, 1), Edge(4L, 5L, 1), Edge(6L, 5L, 1), Edge(7L, 6L, 1),
Edge(6L, 8L, 1), Edge(7L, 8L, 1), Edge(7L, 9L, 1), Edge(9L, 8L, 1),
Edge(8L, 10L, 1), Edge(aoL, 9L, 1), Edge(1lL, 11L, 1)
)

val followsRDD = sc.parallelize(follows)

val defaultUser = User("NA", 0)

val socialGraph = Graph(usersRDD, followsRDD, defaultUser)
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]) # NumPy arrays can be passed directly to MLLib

denseVecl = array([1.0, 2.8, 3.
[1.0, 2.0, 3.0]) # .. or you can use the Vectors class

denseVec2 = Vectors.dense(

sparseVecl
sparseVec?2

Vectors.sparse(4, {0: 1.0, 2: 2.6})
Vectors.sparse(4, [0, 2], [1.0, 2.08])
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